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Abstract

This work aims at deriving and analysing a reaction-diffusion model for the transmis-
sion dynamics of the Coronavirus (COVID-19) which takes into account the reinfection
and the vaccination process, and to compare it with the ODE model. After formulat-
ing the time-dependent ODE model, we compute the control reproduction number Rc
and prove the global stability of the disease-free equilibrium whenever Rc < 1. We also
demonstrate that if Rc > 1, the disease-free equilibrium becomes unstable and coexists
with at least one endemic equilibrium point. We then use data from Germany to cali-
brate our model and estimate some model parameters. We find that Rc ≈ 1.13 expressing
that the disease persists in the population. To determine key parameters which influence
the model dynamics, we perform global sensitivity analysis by computing partial rank
correlation coefficients between model parameters and the control reproduction number
(respectively model state variables). After that, we include in the previous model the mo-
bility in space by transforming it into a reaction-diffusion PDE model. For this last initial
value boundary problem (IVBP), we prove the non-negativity, existence, and uniqueness
of solutions. We also prove the local and global stability of the disease-free equilibrium
whenever Rc < 1, and the fact that Rc > 1 implies the instability of the DFE and its co-
existence with at least one endemic equilibrium point. To validate our theoretical results,
we perform numerous numerical simulations. We then compare the ODE model with the
PDE model.
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stability, Model calibration, Sensitivity analysis, Partial Rank Correlation Coefficient.
AMS Classification: 92D30, 34A34, 34B15, 34C60, 35A01, 35A02.

1 Introduction

The Covid-19 pandemic started in 2019, see [21, 36, 34, 48] for the development and mea-
surements of containment. May 2021 is the start date of vaccination in several countries around
the world [46].

Since the beginning of the Covid-19 pandemic, several mathematical models were formulated
and studied to predict the future of the disease, as well as the efficiency of control measures
(see [5, 10, 22, 25, 33, 38] and the references therein). Some authors have worked on time-space
models, also called reaction-diffusion models [6, 7, 9, 15, 18, 26, 29, 43, 49]. In [6], Ahmed et
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al. formulated a SAIR reaction-diffusion model with nonlinear incidence rates in a constant
population. Brusset et al. in [7] formulated a SIS reaction-diffusion model to represent how
the geographic spread of the pandemic, by reducing the workers’ participation to economic life,
undermines the ability of firms and as a result the entire supply networks to satisfy customers’
demands. An SI reaction-diffusion model with cross-diffusion is formulated and studied in [9]
by Cherniha and Davydovych using the Lie symmetry method. In [15], Fitzgibbon et al. de-
veloped a dynamic model of an evolving epidemic in a spatially inhomogeneous environment.
They analyzed it to predict the outbreak and spatio-temporal spread of the COVID-19 epidemic
in Brazil. To take into account the non-local Covid-19 transmission due to the fact that people
often travel long distances in short periods of time, Grave et al. in [18] combined a network
structure within a reaction-diffusion PDE system. They defined the transfer network, the trans-
fer operator, the donor operator, and the receiver operator. Kevrekidis et al. [26] formulated
and studied an SEAIHR reaction-diffusion model with Greece and Andalusia as case examples.
Youcef Mammeri in [29] formulated and studied a SEAIR reaction-diffusion model with mass
action incidences, and France as a case example. Mustafa Turkyilmazoglu in [43] formulated
and studied a simplistic reaction-diffusion model to mathematically explore the spatio-temporal
development of the concentration of indoor aerosols containing infectious COVID-19 respiratory
virus nuclei. Zhu and Zhu in [49] constructed a time delay reaction-diffusion model including
relapse, time delay, home quarantine and temporal-spatial heterogeneous environment that
affect the spread of COVID-19.

Note that the above mentioned authors do not integrate vaccination in their models. In [4],
we formulated and studied a SQV EAIHR−B Covid-19 type compartmental model in which
vaccinated individuals are divided into two different groups: the ones who take the first dose
and the ones who takes the second dose after taken the first dose. Model formulation was done
using both integer and non-integer derivative in the Caputo Sense, with application to German
data. In the present study, we formulate and study an SVEAIR type reaction-diffusion model
to traduce the Covid-19 transmission dynamics. The proposed model here takes into account
the reinfection and the vaccination process with Germany as a case study. One main goal here
is to compare quantitatively the model formulated with ordinary differential equations (ODE)
and the corresponding reaction-diffusion model with partial differential equation (PDE). Our
new contributions are:

1. We first analyse the ODE model by determining the control reproduction number de-
noted by Rc and prove the global asymptotic stability of the disease-free equilibrium
point (DFEP) whenever Rc < 1. Then, we prove the existence of at least one endemic
equilibrium point (EEP) when Rc > 1.

2. We then perform parameter estimation using real data from Germany, as well as sensi-
tivity analysis.

3. After that, we extend the ode model by including the diffusion terms to obtain a reaction-
diffusion PDE model. We prove the non-negativity of state variables, as well as the
existence and uniqueness of solutions. Asymptotic stability results of the DFEP of the
ODE model is extended to obtain the asymptotic stability of the DFEP of the PDE model
whenever the control reproduction number Rc is less than one.

4. Numerical simulations are finally performed by considering:

(a) Constant parameters and time-dependent parameters,

(b) Two cases:
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i. Initial population is completely susceptible to infection everywhere except for
one small region in the very south of Germany, where there are also infected
persons;

ii. When we add a second peak in western Germany, where a major outbreak of
Covid-19 occurred in early 2020.

The outline of the work is as follows: the formulation of the ODE compartmental model as
well as its theoretical analysis is done in section 2. Section 3 is devoted to model calibration,
forecasting and global sensitivity analysis. The reaction-diffusion model is formulated and
studied in section 4. Section 5 is devoted to the numerical scheme and simulation results. We
end the paper with a conclusion and perspectives.

2 Model formulation

The model we consider here is an extension of an SEIR-type compartmental model, in which
we take into account reinfection as well as the vaccination process. The total population at
each time t, denoted by N(t), is split into six states or compartments as follows: the susceptible
people denoted by S(t), vaccinated people denoted by V (t), infected people in the latent stage
denoted by E(t), infected people without symptoms (asymptomatic) denoted by A(t), infected
people with symptoms (symptomatic) denoted by I(t), and recovered people denoted by R(t).
So, N(t) = S(t)+V (t)+E(t)+A(t)+I(t)+R(t). In this model, the compartment I(t) includes
all detected cases as well as hospitalized cases, while A(t) includes all people who are infectious,
but not tested and do not present any symptoms of the disease. We consider immigration of
vaccinated people into the system. Thus, considering the parameter Λ as the recruitment rate
of non-infected people, a rate r2 of these recruited people is vaccinated while the rest denoted
by r1 is not vaccinated. Among these non-vaccinated people, a rate of c1 will be vaccinated
while among vaccinated people, a rate of c2 will lose their immunity conferred by the vaccine
and become again susceptible. Susceptible people can contract the virus by direct contact with

either asymptomatic or symptomatic individuals at the rate λ(t) =
β (A(t) + ηI(t))

N(t)
, where β

represents the transmission rate, while η represent the modification parameter due to the fact
that people who are tested positive are considered as being less infectious because they must
take control measures (isolation, quarantine, treatment, . . . ) to limit the disease transmission.
To represent the vaccine efficacy, we introduce the parameter φ1 = (1−ε), where ε represents the
Covid-19 vaccine efficacy. Thus, the fraction of φ1λ(t) will become infected after close contact
with an infectious individual. After 1/γ days which represents the latent period, infected
people will become either in the A compartment or the I compartment. Asymptomatic people
will move either in the compartment I or the recovered compartment R at the rates a2σ and
a1σ, respectively. Symptomatic people can recover from the infection either naturally or after
treatment at a rate θ. In the opposite case, some of them will die of the disease. So, the
parameter δ represents the disease-induced death. Recovered people can become reinfected at
a rate φ2λ(t), where φ2 represents the rate of recovered people who will become infected again.
In each compartment, people can die naturally with a natural death rate µ.

3



The Covid-19 transmission dynamics model expressed using ODEs looks as follows:

dS(t)

dt
= r1Λ + c2V (t)−


k1︷ ︸︸ ︷

c1 + µ+

λ(t)︷ ︸︸ ︷
β (A(t) + ηI(t))

N

S(t),

dV (t)

dt
= r2Λ + c1S(t)−

 k2︷ ︸︸ ︷
µ+ c2 +φ1

β (A(t) + ηI(t))

N

V (t),

dE(t)

dt
=
β (A(t) + ηI(t))

N
(S(t) + φ1V (t) + φ2R(t))−

k3︷ ︸︸ ︷
(µ+ γ)E(t),

dA(t)

dt
= pγE(t)−

k4︷ ︸︸ ︷
(µ+ σ)A(t),

dI(t)

dt
= qγE(t) + a2σA(t)−

k5︷ ︸︸ ︷
(µ+ δ + θ) I(t),

dR(t)

dt
= a1σA(t) + θI(t)−

[
µ+ φ2

β (A(t) + ηI(t))

N

]
R(t)

(1)

with r1 + r2 = 1, p+ q = 1, and a1 + a2 = 1.

Remark 1. It is important to note that model described by the system (1) is a compact form
of the model studied in [4]. Indeed, in [4], the proposed Covid-19 model included two vaccine
dose compared to the present model (1). In addition, the (1) model does not take into account
people in quarantine, people in hospitals, and viruses in the environment.

Setting X = (S, V, E,A, I, R)′ the vector of state variables and Π = {X ∈ R6 : X ≥ 0R6},
system (1) can be write in the following compact form{

dX

dt
= F(t,X) = (F1(X),F2(X), ...,F6(X))′ ,

X(t0) = X0 = (S0, V0, E0, A0, I0, R0)′ ≥ 0R6 ,
(2)

where F : R6 → R6 is a continuously differentiable function on R6, and (•)′ stands for the
transposition operator. According to [45, Theorem III.10.VI], for X(0) ∈ Π, a unique solution
of (1) exists, at least locally, and remains in Π for its maximal interval of existence [45, Theorem
III.10.XVI]. Hence model (1) is biologically well-defined.

Model (1) is defined in the following set

W =

{
(S, V, E,A, I, R)′ ∈ R6

+ : 0 < N := S + V + E + A+ I +R ≤ Λ

µ

}
,

which is invariant for the system (1).
The above statement is obtained in the same way as the results obtained in [4, Theorem 2].

2.1 The disease-free equilibrium and the basic reproduction number

In the absence of disease, i.e. for A = I = B = 0, model (1) always admits the equilibrium

E0 = (S0, V0, 0, 0, 0, 0)′ called the disease-free equilibrium, with S0 =
(c2r2 + r1k2) Λ

k1k2 − c1c2

and V0 =

(k1r2 + c1r1) Λ

k1k2 − c1c2

. Note that k1k2 − c1c2 = µ2 + (c2 + c1)µ > 0, and S0 + V0 = N0 =
Λ

µ
.
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To compute the control reproduction number, denoted byRc, we will use the next generation
approach (see [11, 44]). Let us set y = (E,A, I)′. The vector Z and W for the new infection
terms and the remaining transfer terms for y are, respectively, given by

Z =

 β (A(t) + ηI(t))

N
(S + φ1V + φ2R)

0
0

 ,

and

W =

 k3E
−pγE + k4A,

−qγE − a2σA+ k5I,

 .

Their Jacobian matrices evaluated at E0 are respectively given by

Z =

 0 β
N1

N0

βη
N1

N0

0 0 0
0 0 0

 and W =

 k3 0 0
−pγ k4 0,
−qγ −a2σ k5,

 , (3)

with N1 = S0 + φ1V0. Then, the control reproduction number Rc is defined, following [11, 44],
as the spectral radius of the next generation matrix, ZW−1 where

ZW−1 =


N1βη (a2pσγ + k4qγ)

N0k3k4k5

+ N1βpγ
N0k3k4

N1a2βησ

N0k4k5

+
N1β

N0k4

N1βη

N0k5

0 0 0
0 0 0

 .

Therefore, the control reproduction number, Rc, is the sum of two main contributions, namely,
humans and environment, as follows:

Rc := ρ(ZW−1) =
N1βηγ (a2pσ + k4q)

N0k3k4k5

+
N1βpγ

N0k3k4

, (4)

where ρ(•) represents the spectral radius operator.
From [44, Theorem 2], we have the following result.

Lemma 1. (Local stability of the DFE) The stationary point E0 of system (1) is locally asymp-
totically stable (LAS) if Rc < 1, and unstable otherwise.

We also have the following result:

Theorem 1. The disease-free equilibrium E0 is globally asymptotically stable in W whenever
Rc < 1.

Proof. Considering only the infected compartments of system (1), we obtain
dE

dt
dA

dt
dI

dt

 = (Z −W )

 E(t)
A(t)
I(t)

−M(S, V, E,A, I, R), (5)
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where Z and W are the same matrices used to compute the control reproduction number (see
Eq. (4)), and

M(S, V, E,A, I, R) =

β (A+ ηI)

(
N1

N0

− (S + φ1V + φ2R)

N

)
0
0

 .

If
N1

N0

− (S + φ1V + φ2R)

N
≥ 0 in W , then, it follows that M(S, V, E,A, I, R) ≥ 0R3 . This

means that 
dE

dt
dA

dt
dI

dt

 ≤ (Z −W )

 E(t)
A(t)
I(t)

 .

Note that

W−1 =

 1
k3

0 0
pγ
k3k4

1
k4

0
a2pσγ+k4qγ
k3k4k5

a2σ
k4k5

1
k5

 ≥ 0R3×3

We also have, from (3), Z ≥ 0. Thus, from [39, Theorem 2.1], there exists a Lyapunov
function for system (1) expressed as Q (S, V, E,A, I, R) = w′W−1 (E,A, I)′ where w′ is the left
eigenvector of the nonnegative matrix W−1Z corresponding to the eigenvalue Rc. This implies
that if Rc < 1,

dQ
dt

= (Rc − 1)w′ (E,A, I)− w′W−1M (S, V, E,A, I, R) ≤ 0

whenever the condition
N1

N0

− (S + φ1V + φ2R)

N
≥ 0 holds. It follows from the LaSalle invariance

principle [27] that every solution of (1) with initial conditions in W converges to the DFE E0

when t −→ +∞. That is (E,A, I) −→ (0, 0, 0), S −→ S0 and V −→ V0 when t −→ +∞, which
is equivalent to (S, V, E,A, I, R) −→ (S0, V0, 0, 0, 0, 0) when t −→ +∞. Thus, by the LaSalle
invariance principle [27], the disease-free equilibrium E0 is globally asymptotically stable in W
whenever Rc < 1. This ends the proof of Theorem 1.

2.2 Existence of the endemic equilibrium and its stability

Let E = (S∗, V ∗, E∗, A∗, I∗, R∗)′ be an equilibrium point of model (1) obtained by setting the
right hand-side of (1) equal to zero, that is

r1Λ + c2V
∗ − k1S

∗ − λ∗S∗ = 0,
r2Λ + c1S

∗ − [k2 + φ1λ
∗]V ∗ = 0,

λ∗ (S∗ + φ1V
∗ + φ2R

∗)− k3E
∗ = 0,

pγE∗ − k4A
∗ = 0,

qγE∗ + a2σA
∗ − k5I

∗ = 0,
a1σA

∗ + θI∗ − [µ+ φ2λ
∗]R∗ = 0.

(6)
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Solving the above system gives

S∗ =
r1Λφ1λ

∗ +

k7︷ ︸︸ ︷
(c2r2 + r1k2) Λ

λ∗ (φ1λ∗ + k2) + k1φ1λ∗ + k1k2 − c1c2︸ ︷︷ ︸
k6

=
r1Λφ1λ

∗ + k7Λ

λ∗ (φ1λ∗ + k2) + k1φ1λ∗ + k6

,

V ∗ =
r2Λ + c1S

∗

[k2 + φ1λ∗]
, E∗ =

λ∗ (S∗ + φ1V
∗ + φ2R

∗)

k3

, A∗ =
pγE∗

k4

,

I∗ =
qγE∗ + a2σA

∗

k5

, R∗ =
a1σA

∗ + θI∗

[µ+ φ2λ∗]
, N∗ =

Λ− δI∗

µ
,

(7)

where λ∗ := β
(A∗ + ηI∗)

N∗
is any nonnegative solutions of the following equation

λ∗
[
A3(λ∗)3 +A2(λ∗)2 +A1λ

∗ +A0

]
= 0, (8)

where

A3 = −φ1φ2 (r1µ (1− φ1) + φ1 (µ+ c1) + c2) (a2ηpσ + k4ηq + k5p)

× [(θ − δ) (a2pσγ + k4qγ) + k5µ(µ+ k2) + k5γσ(1− a1p)] ,

A0 = k3k4k5µ
2 (µ+ c2 + c1) (r1µ (1− φ1) + φ1 (µ+ c1) + c2) (a2ηpσ + k4ηq + k5p) (Rc − 1) .

Assume that θ1 > δ. Since a1 + a2 = 1 and p + q = 1, it follows that 1 − a1p > 0. Thus
the coefficient A3 is always negative. Coefficient A0 is negative (resp. positive) if and only if
Rc < 1 (resp. Rc > 1). Using the Descartes rule of signs, we claim the following:

Proposition 1.

1. If Rc > 1, then model (1) admits:

(i) exactly one endemic equilibrium point if and only if (A2 > 0 & A1 > 0) or
(A2 < 0 & A1 > 0) or (A2 < 0 & A1 < 0);

(ii) exactly three endemic equilibrium points if and only if (A2 > 0 & A1 < 0);

2. If Rc < 1, then model (1) admits:

(iii) exactly two endemic equilibrium points if and only if (A2 > 0 & A1 > 0) or
(A2 > 0 & A1 < 0) or (A2 < 0 & A1 > 0);

(iv) Otherwise no endemic equilibrium exists.

Item (iii) of the above Proposition suggests the possibility of occurrence of the backward
bifurcation phenomenon [3] in model (1), i.e when the disease-free equilibrium point co-exists
with two endemic equilibrium points (one is locally stable and the other is unstable) whenever
the biological threshold Rc is less than one. Thanks to Theorem 1, we conclude that even if
the disease-free equilibrium co-exists with two endemic equilibrium points when Rc < 1, these
last ones are either always unstable or do not belong to the set W.
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Figure 1: Map of the Federal Republic of Germany with its sixteen states.

3 Model calibration, forecasting, and sensitivity analysis

3.1 Model calibration and forecasting

The start date of mass vaccination in Germany was Sunday, 27 December 2020 [16]. Since then,
several constraint measures were taken to ensure that the majority of inhabitants is vaccinated.
We consider the daily infected reported cases in Germany from December 31, 2020, to February
28, 2021 [20]. The map of the Federal Republic of Germany is depicted in Figure 1.

In model (1), there are eighteen parameters. Of these, seven parameters are either estimated
or taken from the existing literature, while the other remaining parameters must be calibrated
using data. Taking the total approximate population of Germany in 2021 equal to N(0) =
83, 900, 473 [17, 28], the recruitment rate is equal to Λ = µN(0). The initial conditions subject
to data fitting are: S(0) = 83674478, V (0) = 49939, E(0) = 22924, A(0) = 22920, I(0) =
32552, and R(0) = 97660. The nonlinear square method is used to fit the model to the real
data. It provides realistic values of model parameters, which is beneficial when we want to
forecast the evolution of the disease in a given time interval. We perform experiments until the
desired accurate fitting of the model is achieved. After numerically solving the optimization
problem

min
Γ
‖ Ipredict − Idata ‖, (9)

where Γ = {β, φ2, r1, a1, c2, η, θ, γ, }, we obtain the results in Table 1. The model simulation
versus data fitting is shown in Figure 2. The value of the cumulative control reproduction
number computed with the parameter values in Table 1 is Rc = 1.127472860225384.

The prediction (forecasting) of the Covid-19 situation is depicted on Figure 3. It it clear
that, even if the total number of detected cases is decreasing, it is clear that the Covid-19
pandemic will still be relevant and will remain a public health problem for the next years.
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Figure 2: Cumulative reported cases in Germany versus model fitting. t = 0 stands for Decem-
ber 31, 2020 and t = 59 stands for February 28, 2021.

Table 1: Model parameters and their estimated values.

Parameter Value/per day Source Parameter Value/per day Source

Λ N(0)× µ Estimated,[28] σ 0.1428 [41]

µ
1

81.72× 365
[28] φ1 0.52 [14]

β 0.924293447982239 Fitted c1 0.77 [35]
φ2 0.000626319868356 Fitted δ 0.0018 [32]
r1 0.025344642995677 Fitted r2 1− r1 From Eq.(1)
a1 0.349489753971447 Fitted a2 1− a1 From Eq.(1)
c2 0.185640604312541 Fitted θ 0.557147574601118 Fitted
η 0.356255781186421 Fitted γ 0.017296258650737 Fitted
p 0.2 Assumed q 1− p From Eq.(1)
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Figure 3: Long-term Covid-19 prediction.
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3.2 Sensitivity analysis

To measure the correlation between the model’s parameters and the control reproduction num-
ber Rc, as well as the state variables of (1), we perform a global sensitivity analysis by comput-
ing the partial rank correlation coefficient (PRCC) betweenRc (respectively the state variables)
and model parameters. These are used to measure the nonlinear (but monotonic) relationship
between model parameters and model outputs, cf. [12, 30, 47]. The sampling technique used
here is the Latin Hypercube Sampling (LHS). The number of runs is equal to 5000, and each
model parameter is supposed uniformly distributed with its mean value listed in Table 1.

PRCCs between Rc (respectively state variables) and model parameters are depicted in
Figure 8. The most influential parameters are those whose absolute PRCCs are greater than
−0.5 [47] with a p-value less than 0.001.
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Figure 8: Partial Rank Corellation coefficients between Rc and (a) model parameters, and
(b)-(g) state variables. ”dum” is for the dummy parameter.

From figure 8 (panel (a)), it follows that the parameters β, σ, Λ and p are the parameters
most correlated to the control reproduction number Rc. This suggests that intensification of
some control strategies like individual protection (hand washing, wearing a mask), effective
treatment, quarantine, and confinement can lead to a decrease in the control reproduction
number. From panels (b)-(f) of figure 8, it follows that β, σ, Λ, γ and p are the most important
parameters of the model (1). This suggests that all actions which can contribute to reducing
contact between infected people and healthy individuals (wearing masks, social distancing,
quarantine and/or confinement) as well as their identification (massive tests) and treatment,
over a long period of time, could permit to reduce the disease spread in the population.

4 Reaction-diffusion model and its analysis

Now, we extend the ODE model (1) by introducing a diffusion process to obtain a reaction-
diffusion model. State variables thus are time and space-dependent. The Covid-19 reaction-

16



diffusion model is then given as follows:



∂S(x, t)

∂t
− κs∆S(x, t) = r1Λ + c2V (x, t)−

[
k1 +

β (A(x, t) + ηI(x, t))

N(t)

]
S(x, t), x ∈ Σ

∂V (x, t)

∂t
− κv∆V (x, t) = r2Λ + c1S(x, t)−

[
k2 + φ1

β (A(x, t) + ηI(x, t))

N(t)

]
V (x, t), x ∈ Σ

∂E(x, t)

∂t
− κe∆E(x, t) =

β [A(x, t) + ηI(x, t)] (S(x, t) + φ1V (x, t) + φ2R(x, t))

N(t)
− k3E(x, t), x ∈ Σ

∂A(x, t)

∂t
− κa∆A(x, t) = pγE(x, t)− k4A(x, t), x ∈ Σ

∂I(x, t)

∂t
− κi∆I(x, t) = qγE(x, t) + a2σA(x, t)− k5I(x, t), x ∈ Σ

∂R(x, t)

∂t
− κr∆R(x, t) = a1σA(x, t) + θI(x, t)−

[
µ+ φ2

β (A(x, t) + ηI(x, t))

N(t)

]
R(x, t), x ∈ Σ

∂S(x, t)

∂φ
=
∂V (x, t)

∂φ
=
∂E(x, t)

∂φ
=
∂A(x, t)

∂φ
=
∂I(x, t)

∂φ
=
∂R(x, t)

∂φ
= 0, x ∈ ∂Σ,

(10)
with the following initial conditions

S(x, 0) = S0(x) > 0, V (x, 0) = V0(x) ≥ 0, E(x, 0) = E0(x) ≥ 0,
x ∈ Σ.

A(x, 0) = A0(x) ≥ 0, I(x, 0) = I0(x) ≥ 0, R(x, 0) = R0(x) ≥ 0.
(11)

In system (10), t denotes a nonnegative time; Σ denotes a bounded domain of Rm (m ≥ 1) with
smooth boundary ∂Σ, φ is the outward normal to ∂Σ; κs > 0, κv > 0, κe > 0, κa > 0, κi > 0,
κr > 0 are the diffusion rates; Xj(x, t), j ∈ {1, 2, ..., 6}, denote the number of population in the
compartmentXj in position x at time t, withX(x, t) = (S(x, t), V (x, t), E(x, t), A(x, t), I(x, t), R(x, t)).

Note that in the first open quadrant, the function f(X) = S(A + ηI)/N is continuous
Lipschitz for each Xj, j ∈ {1, 2, ..., 6}, with X = (S, V, E,A, I, R). Thus, we can extend its
definition to the entire first quadrant by setting f(0, XI) = f(XS, 0) = 0, where XS = (S, V,R)
and XI = (E,A, I).

4.1 Qualitative analysis of the model

We examine the basic features of the Initial Bounded Value Problem (IVBP) (10)-(11). Since
the model deals with humans population, all its state variables should be positive for all t > 0.
In what follows, we thus establish the existence, uniqueness, positivity, and boundedness of the
solution of the model (10)-(11).

Theorem 2. For any given initial conditions which satisfy (11), the solution of model (10)-(11)
is nonnegative, unique and bounded in [0,∞).

Proof. The IVBP model (10)-(11) can be rewritten in the Banach space B = C
(
Σ
)

as follows:{
dX(t)

dt
= AX(t) + f(X(t)), t > 0

X(0) = X0 ≥ 0R6 ,
(12)

where X = (S, V, E,A, I, R)′, X0 = (S0(x), V0(x), E0(x), A0(x), I0(x), R0(x))′, and formally
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AX = (κs∆S, κv∆V, κe∆E, κa∆A, κi∆I, κr∆R)′, and f = (f1, f2, f3, f4, f5, f6)′, with

f1(X) = r1Λ + c2V (x, t)−
[
k1 +

β (A(x, t) + ηI(x, t))

N(t)

]
S(x, t),

f2(X) = r2Λ + c1S(x, t)−
[
k2 + φ1

β (A(x, t) + ηI(x, t))

N(t)

]
V (x, t),

f3(X) =
β [A(x, t) + ηI(x, t)] (S(x, t) + φ1V (x, t) + φ2R(x, t))

N(t)
− k3E(x, t),

f4(X) = pγE(x, t)− k4A(x, t),
f5(X) = qγE(x, t) + a2σA(x, t)− k5I(x, t),

f6(X) = a1σA(x, t) + θI(x, t)−
[
µ+ φ2

β (A(x, t) + ηI(x, t))

N(t)

]
R(x, t).

f is locally Lipschitz in B. For the existence of a local smooth solution see [8, Theorem B.17]
or [31, 40]. The positivity follows from [40, Theorem 14.14]

To prove the boundedness of states variables, we will follows [19, Proposition 2.1]. Setting
N(x, t) = S(x, t) + V (x, t) + E(x, t) + A(x, t) + I(x, t) +R(x, t), we obtain

∂N(x, t)

∂t
− κs∆S(x, t)− κv∆V (x, t)− κe∆E(x, t)− κa∆A(x, t)− κi∆I(x, t)− κr∆R(x, t)

= Λ− µN(x, t)− δI(x, t), x ∈ Σ, t > 0.

Integrating the above equation over Σ, and using the Neumann boundary condition, we obtain
for t > 0

d

dt

∫
Σ

N(x, t)dx = Λ

∫
Σ

dx− µ
∫

Σ

N(x, t)dx− δ
∫

Σ

I(x, t)dx

≤ Λ |Σ| − µ
∫

Σ

N(x, t)dx

Integrating the above inequality from 0 and t > 0 yields∫
Σ

N(x, t)dx ≤ exp (−µt)
∫

Σ

N0dx+
Λ |Σ|
µ

[1− exp(−µt)] (13)

This implies for j = 1, 2, . . . , 6 that∫
Σ

Xj(x, t)dx ≤
∫

Σ

N0dx+
Λ |Σ|
µ

,

where X(x, t) = (S(x, t), V (x, t), E(x, t), A(x, t), I(x, t), R(x, t)). Thus applying [13, Theorem
1] with σ = p0 = 1 to the compact system (2), we conclude that there exists a positive constant
M1 depending on initial data such that the solution X = (S, V, E,A, I, R) of (2) satisfies

6∑
j=1

‖Xj(., t)‖L∞(Σ) ≤M1, ∀t ≥ 0. (14)

Note that (13) implies

lim
t−→∞

∫
Σ

N(x, t)dx ≤ Λ |Σ|
µ
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which implies that

lim
t−→∞

∫
Σ

Xj(x, t)dx ≤
Λ |Σ|
µ

, j = 1, 2, . . . , 6.

Applying again [37, Lemma 3.1], we can claim that here exists a positive constant M2 which
does not depend on initial data X0

j , j = 1, 2, ...6 such that

6∑
j=1

‖Xj(., t)‖L∞(Σ) ≤M2, ∀t ≥ T (15)

for some large T > 0. This proves that each variable state of PDE model is bounded and hence,
the solution exists globally, cf. [8]. This ends the proof.

From Theorem 2, it follows that the following set

W =

{
(S, V, E,A, I, R) ∈ R6

+ : 0 < N := S + V + E + A+ I +R ≤ Λ |Σ|
µ

}
is positively invariant for system (10), and the IBVP (10)-(11) defines a dynamical system in
it.

4.2 Basic reproduction number and equilibrium points

4.2.1 The basic reproduction number

As for the ODE Covid-19 model (1), the PDE model (10) always has the disease-free equilib-

rium E0 = (S0, V0, 0, 0, 0, 0)′ with S0 =
(c2r2 + r1k2) Λ

µ (µ+ c2 + c1)
and V0 =

(k1r2 + c1r1) Λ

µ (µ+ c2 + c1)
. The basic

reproduction number is given from (13) by:

Rc :=
N1βηγ (a2pσ + k4q)

N0k3k4k5

+
N1βpγ

N0k3k4

, (16)

where N1 = S0 + φ1V0 and N0 = S0 + V0 =
Λ

µ
.

4.3 Stability analysis of the disease-free equilibrium point

Setting X1 = (S1, V1, E1, A1, I1, R1) where S1 = S − S0, V1 = V − V0, E1 = E, A1 = A, I1 = I,
and R1 = R, system (10) can be linearized as follows:

∂X1

∂t
(x, t) = L (X1(x, t)) = (A∆ + J (E0))X1(x, t), (17)

where A = diag (κs, κv, κe, κa, κi, κr) and

J (E0) =



−k1 c2 0 −β S0

N0

−βη S0

N0

0

c1 −k2 0 −βφV0

N0

−φβηφV0

N0

0

0 0 −k3 β
S0 + φV0

N0

βη
S0 + φV0

N0

0

0 0 pγ −k4 0 0
0 0 qγ a2σ −k5 0
0 0 0 a1σ θ −µ


.
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Let us denote by I6 the sixth-order identity matrix, 0 = ψ1 ≤ ψ2 ≤ ψ3...., the eigenvalues of
−∆ on Σ with the zero boundary condition, and x an eigenvalue of L. Then, for all i ∈ N, the
i-characteristic polynomial of the operator L is given by

∀i ∈ N, PL (x) := det [J (E0)− ψiA− xI6]

=

∣∣∣∣∣∣∣∣∣∣∣∣∣

−x− ψiκs − k1 c2 0 −S0β
N0

−S0βη
N0

0

c1 −x− ψiκv − k2 0 −V0βφ
N0

−V0βηφ
N0

0

0 0 −x− κeψi − k3
N1β
N0

N1βη
N0

0

0 0 pγ −x− κaψi − k4 0 0
0 0 qγ a2σ −x− κiψi − k5 0
0 0 0 a1σ θ −x− ψiκr − µ

∣∣∣∣∣∣∣∣∣∣∣∣∣
= [(−x− ψiκs − k1) (−x− ψiκv − k2)− c1c2]×

×

∣∣∣∣∣∣∣∣
−x− κeψi − k3

N1β
N0

N1βη
N0

0

pγ −x− κaψi − k4 0 0
qγ a2σ −x− κiψi − k5 0
0 a1σ θ −x− ψiκr − µ

∣∣∣∣∣∣∣∣
= [(−x− ψiκs − k1) (−x− ψiκv − k2)− c1c2] (−x− ψiκr − µ)×

×

∣∣∣∣∣∣
−x− κeψi − k3

N1β
N0

N1βη
N0

pγ −x− κaψi − k4 0
qγ a2σ −x− κiψi − k5

∣∣∣∣∣∣
= (x+ ψiκr + µ)

g
(1)
i (x)︷ ︸︸ ︷[

x2 + (ψikv + ψiks + k2 + k1)x+
(
ψ2
i ks + k1ψi

)
kv + k2ψiks + µ (µ+ c1 + c2)

]
×

×

g
(2)
i (x)︷ ︸︸ ︷[

x3 +$2x
2 +$1x+$0

]
(18)

where $2 = (κi + κe + κa)ψi + k5 + k4 + k3,

$1 =
1

a2ηpσ + k4ηq + k5p
×

{[((κe + κa)κi + κaκe)ψi + (k4 + k3)κi + (k5 + k4)κe + (k5 + k3)κa] (a2ηψipσ + k4ηψiq + k5ψip)

+ (1−Rc) (p+ ηq) k3k4k5 + (k4 + k3) (k5 + a2ησ) k5p+ ((k5 + k3) k4q + k3a2pσ) k4η} ,

$0 =
1

a2ηpσ + k4ηq + k5p
×{[

κaκeκiψ
2
i + ((k4κe + k3κa)κi + k5κaκe)ψi + (k3κi + k5κe) k4

]
(a2ηψipσ + k4ηψiq)

+
[
κaκeκiψ

2
i + ((k4κe + k3κa)κi + k5κaκe)ψi + (k4κe + k3κa) k5

]
ψik5p

+k3k5κaa2ηψipσ + (1−Rc) [a2ηpσ + (κiψi + k5) p+ (κaψi + k4) ηq] k3k4k5}

It is clear that for any i ≥ 1, the roots of PL are x = −ψiκr − µ, and those of g
(1)
i and g

(2)
i .

Since for i ≥ 1, ψi ≥ 0, it follows that the roots of g
(1)
i have negative real parts.
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A rigorous algebraic computation gives:

$2$1 −$0

=
1

a2ηpσ + k4ηq + k5p
×{

q(ψi(η(κe(k3k4k5(1−Rc) + k4k
2
5 + (2k2

4 + k3k4)k5 + k3
4 + 2k3k

2
4) + (k4k

2
5 + (2k2

4 + 2k3k4)k5 + 2k3k
2
4 + k2

3k4)κa)

+ηκi(k3k4k5(1−Rc) + (2k2
4 + k3k4)k5 + k3

4 + 2k3k
2
4 + k2

3k4))

+η((k3k4k
2
5 + k2

3k4k5)(1−Rc) + k2
4k

2
5 + (k3

4 + 2k3k
2
4)k5 + k3k

3
4 + k2

3k
2
4)

+((k4κe + k4κa)ηκ
2
i + (k4κ

2
e + 2k4κaκe + k4κ

2
a)ηκi + (k4κaκ

2
e + k4κ

2
aκe)η)ψ3

i

+((k2
4 + k3k4)ηκ2

i + ((2k4k5 + 2k2
4 + 2k3k4)κe + (2k4k5 + 2k2

4 + 2k3k4)κa)ηκi

+((k4k5 + k2
4)κ2

e + (2k4k5 + 2k2
4 + 2k3k4)κaκe + (k4k5 + k3k4)κ2

a)η)ψ2
i )

+p(ψi(κe(k3k4k5(1−Rc) + k3
5 + (2k4 + 2k3)k2

5 + (k2
4 + k3k4)k5) + κa(k3k4k5(1−Rc) + k3

5 + (2k4 + 2k3)k2
5

+(k3k4 + k2
3)k5) + ((2k4 + 2k3)k2

5 + (k2
4 + 2k3k4 + k2

3)k5)κi) + (k3k
2
4 + k2

3k4)k5(1−Rc) + ((k5κe + k5κa)κ
2
i

+(k5κ
2
e + 2k5κaκe + k5κ

2
a)κi + k5κaκ

2
e + k5κ

2
aκe)ψ

3
i

+((k4 + k3)k5κ
2
i + ((2k2

5 + (2k4 + 2k3)k5)κe + (2k2
5 + (2k4 + 2k3)k5)κa)κi

+(k2
5 + k4k5)κ2

e + (2k2
5 + (2k4 + 2k3)k5)κaκe + (k2

5 + k3k5)κ2
a)ψ

2
i + (k4 + k3)k3

5 + (k2
4 + 2k3k4 + k2

3)k2
5)

+pσ(η(Rca2k3k4k5 + (k4 + k3)2a2k5 + (a2k4 + a2k3)k2
5 + a2k3k

2
4 + a2k

2
3k4)

+((a2κe + a2κa)ηκ
2
i + (a2κ

2
e + 2a2κaκe + a2κ

2
a)ηκi + (a2κaκ

2
e + a2κ

2
aκe)η)ψ3

i

+((a2k4 + a2k3)ηκ2
i + ((2a2k5 + 2a2k4 + 2a2k3)κe + (2a2k5 + 2a2k4 + 2a2k3)κa)ηκi

+((a2k5 + a2k4)κ2
e + (2a2k5 + 2a2k4 + 2a2k3)κaκe + (a2k5 + a2k3)κ2

a)η)ψ2
i

+(((2a2k4 + 2a2k3)k5 + a2k
2
4 + 2a2k3k4 + a2k

2
3)ηκi + ((a2k

2
5 + (2a2k4 + 2a2k3)k5 + a2k

2
4 + 2a2k3k4)κe

+(a2k
2
5 + (2a2k4 + 2a2k3)k5 + 2a2k3k4 + a2k

2
3)κa)η)ψi)

}
Thus, g

(2)
i meets the Routh-Hurwitz criteria. It then follows that all roots of the characteristic

polynomial (18) have negative real parts whenever Rc < 1, which implies that the disease-free
equilibrium E0 is locally stable (see [41]).

Since ψ1 = 0, it follows that, if Rc > 1,

g
(2)
1 (0) = (1−Rc) [a2ηpσ + (κiψi + k5) p+ (κaψi + k4) ηq] k3k4k5 < 0 and lim

x→+∞
g

(2)
1 (x) = +∞,

which implies that the characteristic polynomial PL admits at least one root with positive real
part. Thus, the disease-free equilibrium E0 is not stable.

The above analysis can be summarized as follows:

Theorem 3. The disease-free equilibrium E0 of the PDE model (10) is locally asymptotically
stable in Σ if Rc < 1, and unstable otherwise.

4.3.1 Global stability of the disease-free equilibrium

Theorem 4. If Rc < 1, then the disease free equilibrium of the Covid-19 PDE model (10) E0

is globally asymptotically stable provided that

N1

N0

− (S(x, t) + φ1V (x, t) + φ2R(x, t))

N(t)
≥ 0. (19)

Proof. Let us denote by (S(x, t), V (x, t), E(x, t), A(x, t), I(x, t), R(x, t))′ any arbitrary nonneg-

ative solution of Covid-19 IVBP (10)-(11), with S0 =
(c2r2 + r1k2) Λ

µ (µ+ c2 + c1)
and V0 =

(k1r2 + c1r1) Λ

µ (µ+ c2 + c1)
.
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To prove the global asymptotic stability of the disease-free equilibrium E0 = (S0, V0, 0, 0, 0, 0)′,
we consider the following Lyapunov functional K(t) defined as

K(S, V, E,A, I, R) =

∫
Σ

Q (S(x, t), V (x, t), E(x, t), A(x, t), I(x, t), R(x, t)) dx

=

∫
Σ

(
w′W−1 (E,A, I)

)
dx

where w′ is the left eigenvector of the nonnegative matrix W−1Z corresponding to the eigenvalue
Rc. From [23, Proposition 2.1], the time derivative of K along the nonnegative solution of model
(10) is given by

dK
dt

(S, V, E,A, I, R) =

∫
Σ

[
(Rc − 1)w′ (E,A, I)− w′W−1M (S, V, E,A, I, R)

]
dx

This implies that if Rc < 1,
dK
dt
≤ 0 whenever w′W−1M (S, V, E,A, I, R) ≥ 0R3 , which is

equivalent to the condition
N1

N0

− (S(x, t) + φ1V (x, t) + φ2R(x, t))

N(t)
≥ 0. Furthermore,

dK
dt

= 0

holds if and only if E = A = I = 0. Then, {E0} is the only compact invariant subset of{
(S, V, E,A, I, R)′ ∈ R6 :

dK
dt

= 0

}
. By LaSalle’s invariance principle [24, 27], if Rc < 1, then

the disease-free equilibrium E0 of the IBVP (10)-(11) is globally asymptotically stable in Σ
provided that condition (19) holds.

4.4 Existence of endemic equilibrium points

Let E = E(x) = (S?, V ?, E?, A?, I?, R?)′ any spatially equilibrium of system (10). Thus E must
solve the following system 

r1Λ + c2V
? − k1S

? − λ?S? = 0,
r2Λ + c1S

? − [k2 + φ1λ
?]V ? = 0,

λ? (S? + φ1V
? + φ2R

?)− k3E
? = 0,

pγE? − k4A
? = 0,

qγE? + a2σA
? − k5I

? = 0,
a1σA

? + θI? − [µ+ φ2λ
?]R? = 0

(20)

Note that algebraic system (20) is equivalent to (6). Thus from [23], we conclude that, as for
the ODE Covid-19 model (1):

Proposition 2.

1. If Rc < 1, then the Covid-19 PDE model (1) admits a disease-free equilibrium which can
co-exist with two endemic equilibrium points, depending of the sign of coefficients A2 and
A1 of the polynomial (8).

2. If Rc > 1, then the disease-free equilibrium point of the Covid-19 PDE model (1) can
coexist with one or three endemic equilibrium points, depending of the sign of coefficients
A2 and A1 of the polynomial (8).

5 Numerical scheme and simulations

In this part of the work, we will construct a numerical scheme to simulate the Coronavirus
(COVID-19) spatiotemporal model (10).
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5.1 Description of the numerical method

The system of partial differential equations (10) can be numerically solved using the Partial
Differential Equation Toolbox in Matlab© (see [42]). Among other things, it can solve systems
of equations of the form

mutt + dut −∇ · (c⊗∇u) + au = f,

using a finite elements approximation. The coefficients m, d, c, a and f are allowed to depend
on time, space, and u itself. In our case where u = (S, V, E,A, I, R), we have m = 0, d = 1,
c = diag(κS, κV , κE, κA, κI , κR), f = (r1Λ, r2Λ, 0, 0, 0, 0) and

a(u) = −


−(k1 + λ(u)) c2 0 0 0 0

c1 −(k2 + φ1λ(u)) 0 0 0 0
λ(u) φ1λ(u) −k3 0 0 φ2λ(u)

0 0 pγ −k4 0 0
0 0 qγ a2σ −k5 0
0 0 0 a1σ θ −(µ+ φ2λ(u))

 ,

where λ(u) = β(u4 +ηu5)/(u1 +u2 +u3 +u4 +u5 +u6). Together with these coefficients we have
to specify boundary conditions (Neumann is the default) and initial values. For the geometry
on which to solve the equations we use map data from GADM ([1]), reduced in complexity with
the help of Mapshaper ([2]).

5.2 Numerical simulations

In this section provide numerical results of reaction-diffusion model (10). We consider two
approaches: (1) all model parameters are constant and (2) the transmission rate coefficient
β is time-space dependent. For each case, we present the initial distribution of each variable
state at t = 0, and the final distribution of each variable state of the model at t = tfinal. Here
we assume that κs = κv = κe = κa = κr = 1 and κi = 0.1, which means that only individuals
who have tested positive are confined (or their movements are restricted). Note that we assume
that the confinement or the restriction is not perfect, hence κi 6= 0.

5.2.1 Comparison between the ODE model and the PDE models

We begin this part of numerical simulations by comparing the ODE model (1) with the PDE
model (12). To this aim, we plot the total number of every variable obtained with the ODE
model and the ones obtained with the PDE model in the same panels. Figure 9 displays the
total numbers in each compartment for the PDE (blue) and ODE (red) model, as well as the
corresponding disease-free equilibrium points (yellow). For the PDE we chose spatially constant
parameters and initial values to rule out diffusion effects. From Figure 9, it is obvious that the
total numbers in each compartment for the PDE and ODE model coincide.

5.2.2 One peak

For the first test we chose the initial population to be all susceptible to infection, except for one
small region in the very south of Germany, where there are also infected, exposed, . . . persons.
The values are adjusted in such a way that the total number of members in every compartment
is the same as before. The results are display in figures 10-15. Figure 10 presents the initial
distribution of the model state variables while figures 11-14 display solution of the PDE model
after tf = 10 days, tf = 250 days, tf = 500 days, and tf = 750 days, respectively. The total
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Figure 9: Comparision of the ODE and PDE with spatially constant initial values. In this case
the models coincide.

number of members in each compartment over time (blue), compared to the ODE model (red)
and the disease-free state (yellow), is displayed in Figure 15.

5.2.3 Two peaks

For the next test we added a second peak in western Germany, close to Aachen/Heinsberg, where
a major outbreak of Covid occurred in early 2020. Again, the total numbers of members in
each compartment did not change. The results are display in Figures 16-21. Figure 16 presents
the initial distribution of model state variables while Figures 11-20 display the solution of the
PDE model after tf = 10 days, tf = 250 days, tf = 500 days, and tf = 750 days, respectively.
The total number of members in each compartment over time (blue), compared to the ODE
model (red) and the disease-free state (yellow) is displayed in figure 21.
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Figure 10: Initial distribution of model state variables where there is one peak in the south.

Figure 11: Solution after tf = 10 days.
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Figure 12: Solution after tf = 250 days.

Figure 13: Solution after tf = 500 days.
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Figure 14: Solution after tf = 750 days.
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Figure 15: Total number of members in each compartment over time (blue), compared to the
ODE model (red) and the disease-free state (yellow).
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Figure 17: Solution after tf = 10 days.

Figure 16: Initial distribution of model state variables where there are two peaks (south and
west).

5.2.4 Bavaria

Figures 22-28 display a series of images where only the state of Bavaria holds exposed, asymp-
tomatic infected, and symptomatic infected individuals. Initial distribution of model state
variables are displayed on figures 22, while solution after tf = 10 days, tf = 250 days, tf = 500
days, tf = 750 days, and tf = 1000 days, respectively, are display in figure 23-27. We see that
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Figure 18: Solution after tf = 250 days.

Figure 19: Solution after tf = 500 days.
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Figure 20: Solution after tf = 750 days.
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Figure 21: Total number of members in each compartment over time (blue), compared to the
ODE model (red) and the disease-free state (yellow).
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Figure 22: Initial distribution of model state variables where only the state of Bavaria holds
exposed, asymptomatic infected, and symptomatic infected individuals.

more time passes, the more the infection spreads to the rest of the country. Note that the total
numbers in each compartment are slightly different to the ones before, this is because Matlab
smoothes out the initial value along the Bavarian border. The total number of members in
each compartment over time (blue), compared to the ODE model (red) and the disease-free
state (yellow), is displayed in Figure 28.

5.2.5 Time-dependent parameters

There has been proved that temperature plays an important role in the Covid-19 spread in
Germany [17]. To take this into account, we suppose that the transmission rate coefficient
β is time-dependent. We choose for this case β(t) = βcrit + 0.1 cos(0.01 ∗ t), where βcrit =
0.819792192423568 is the critical value of β for which there is Rc = 1. Figures 29-32 illustrate
the distribution of model states when the final time tfinal is equal to 10, 250, 500 and 750
days, respectively. Note that for tfinal = 750 days (see figure 32), the transmission rate β is
equal to 0.8544557242070706, which corresponds to a value of the control reproduction number
greater than one (Rc = 1.042283315337544); While for tfinal = 3299 days, we obtain β equal to
0.8194644792794378 less than βcrit, and which corresponds to a value of the control reproduction
number less than one (Rc = 0.9996002485176618). This can be interpreted by the fact that
it will take a long time for the existing control measures to assure the eradication of the
coronavirus disease. Indeed, the forecasting (see figure 3) indicates that over than 2000 days
are needed to have the number of detected case close to zero.

The total number of members in each compartment over time (blue), compared to the ODE
model (red) and the disease-free state (yellow) when β(t) = βcrit + 0.1 cos(0.01 ∗ t) is depicted
in figure 33.
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Figure 23: Solution after tf = 10 days.

Figure 24: Solution after tf = 250 days.

32



Figure 25: Solution after tf = 500 days.

Figure 26: Solution after tf = 750 days.
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Figure 27: Final state of the solution after tf = 1000 days.

Figure 28: Total number of members in each compartment over time (blue), compared to the
numbers only in Bavaria adjusted for size (red), the ODE model (yellow) and the disease-free
state (purple).
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Figure 29: Final distribution of model state variables when all parameter values are ones of
Table 1 except β(t) = βcrit + 0.1 cos(0.01 ∗ t), where βcrit = 0.819792192423568 is the critical
value of β for which there is Rc = 1 with tfinal = 10 days.

Figure 30: Final distribution of model state variables when all parameter values are ones of
Table 1 except β(t) = βcrit + 0.1 cos(0.01 ∗ t), where βcrit = 0.819792192423568 is the critical
value of β for which there is Rc = 1 with tfinal = 250 days.
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Figure 31: Final distribution of model state variables when all parameter values are ones of
Table 1 except β(t) = βcrit + 0.1 cos(0.01 ∗ t), where βcrit = 0.819792192423568 is the critical
value of β for which there is Rc = 1 with tfinal = 500 days.

Figure 32: Final distribution of model state variables when all parameter values are ones of
Table 1 except β(t) = βcrit + 0.1 cos(0.01 ∗ t), where βcrit = 0.819792192423568 is the critical
value of β for which there is Rc = 1 with tfinal = 750 days.
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Figure 33: Total number of members in each compartment over time (blue), compared to the
ODE model (red) and the disease-free state (yellow). All parameter values are ones of Table 1
except β(t) = βcrit + 0.1 cos(0.01 ∗ t), where βcrit = 0.819792192423568 is the critical value of β
for which there is Rc = 1.

6 Conclusion and perspectives

In this work, we formulated two Covid-19 transmission dynamics models first using ordinary
differential equations, and secondly, partial differential equations (reaction-diffusion model).
For both models, we computed the control reproduction number and proved the global asymp-
totic stability of the disease-free equilibrium point whenever the control reproduction number
is less than one. We also proved that both models admit at least one endemic equilibrium
point whenever the control reproduction number is greater than one, which implies that the
disease-free equilibrium becomes unstable. Using the daily infected reported cases in Germany
from December 31, 2020, to February 28, 2021, we calibrated the ODE model by estimated
model parameters. We found that the control reproduction number is approximately equal
to 1.13 which confirms that, even if the vaccination level is high, Covid-19 will be present in
the country, and this for the next years. To determine key parameters which influence the
model dynamics, we performed a global sensitivity analysis by computing partial rank correla-
tion coefficients between model parameters and the control reproduction number (respectively
model state variables). It follows that the parameters β, σ, Λ, and γ are the most important
parameters to influence the disease dynamics.

The final part of the work concerns numerical studies. After presenting the numerical
method use to simulate the models, we performed various numerical simulations to validate
our theoretical results. Indeed, several cases are considered: First of all, we considered the case
when all parameters are constant, with different final times , followed by the case when the
transmission rate coefficient β is time-dependent. Thirdly, we considered the case in which the
initial population is entirely susceptible to infection, except for one small region in the very south
of Germany, where there are also infected, exposed, . . . persons, and the case when we added
a second peak in western Germany. These two cases were followed by the case when only the
state of Bavaria holds exposed, asymptomatic infected, and symptomatic infected individuals.
For each of the above cases, we compared the ODE model with the PDE model by drawing in
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the same panel the total numbers in each compartment for the PDE and ODE model, as well
as the corresponding disease-free equilibrium points (yellow). In order to directly compare the
two models, we chose spatially constant parameters and initial values for the PDE to rule out
diffusion effects. This permits to conclude that the total numbers in each compartment for the
PDE and ODE model coincide in this case, and in a quantitative point of view, the ODE model
and the PDE model then give the same results.

In the present study, we did not take into account the fact that model parameters can
depend on time and space. Indeed, the transmission rate β, for example, should not be the
same in a country as Germany which has sixteen federal states with different population sizes
and densities. Thus, estimating some model parameters for each German state, taking into
account population movement between each state, constitutes a direct perspective of this work.
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Württemberg (Ministerium für Wissenschaft, Forschung und Kunst Baden-Württemberg) for
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